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Abstract — Several types of classifiers have been developed in  # H ( ) # )
order to extract the information for the automatic target * ¢ ) *HO+)" ) e g Y%
recognition (ATR). We have noted that these performances are n $$ % 4
different according to the classifier and the radar target. We y v ' %S "W 4 (

propose in this article three approaches of information fusion in

order to outperform three radar target classifiers. These three ) & 4) ) # ) ) T ¢
techniques of fusion are the Sugeno’s fuzzy integral, the 2 « )" #, ) (
possibility theory and the Dempster-Shafer theory. In this " & ") ) 2 )
application, we show that the best performance is achieved by %3 4)¢ 6 )
the Dempster-Shafer theory. % " "§ ( ) #Hi &
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3.2 Possibility theory
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3.3 Dempster-Shafer theory
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4 Database and simulation results
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